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Abstract

The rapid growth of fintech lending has reshaped financial access for SMEs through Al-driven credit
assessment platforms. While promising greater efficiency, these systems create significant algorithmic
bias risks, which poor corporate governance and lack of transparency in model development usually
exacerbate. Based on this, the study develops and validates an integrated conceptual framework that
incorporates corporate governance principles with mechanisms for algorithmic fairness to foster ethical
outcomes in SME fintech lending. We follow a two-phase approach, wherein, first, an SLR of 45 peer-
reviewed publications for the period from 2022 to 2025 was conducted, followed by structured validation
with five domain experts in Al ethics, corporate governance, and fintech regulation. Our analysis
revealed four foundational governance pillars, viz., Accountability, Transparency, Fairness, and
Compliance. Expert validation established strong relevance and practical utility for the framework, with
a mean score of 4.6/5. This study hence proposes a novel, validated model to equip fintech managers
and regulators with a governance-based approach to tackling algorithmic bias and, in turn, positions
them better to engender trust and financial inclusion.
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I INTRODUCTION

The digital transformation in the financial industry has positioned fintech lending as a primary
funding channel for Small and Medium-sized Enterprises (SMEs) that have historically struggled
to access traditional banking services (Abbasi et al., 2021). These platforms rely on sophisticated
artificial intelligence (Al) algorithms that efficiently and accurately process large volumes of
alternativeately to support credit decision-making (Berg et al., 2021). Despite these operational
advantages, the increasing reliance on automated decision-making systems raises significant
ethical concerns, particularly regarding algorithmic bias that may disadvantage SMEs based on
owner characteristics, geographic location, or business sector (Babaei et al., 2023). Such biases
often originate from non-representative historical training data and the “black-box™ nature of
complex models, which can produce opaque and potentially discriminatory outcomes that
undermine financial inclusion efforts (Hanna et al., 2020). Moreover, a critical yet frequently
overlooked issue is the lack of robust governance mechanisms within fintech firms, where
structured oversight, auditing, and fairness assurance for Al systems remain underdeveloped

(Hilb, 2020).
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The primary objective of this study is to develop, synthesize, and rigorously evaluate an
integrated, corporate governance—driven framework to ensure algorithmic fairness in SME
fintech lending. To achieve this goal, the study proposes three interconnected aims. First, it
conducts a comprehensive systematic literature review (SLR) of studies published between 2022
and 2025 to map and interpret the current academic landscape. Second, it integrates the identified
insights into a unified conceptual framework that establishes explicit linkages between corporate
governance mechanisms and both technical and procedural fairness metrics. Third, the proposed
framework is validated by an interdisciplinary expert panel to assess its conceptual soundness,

practical relevance, and feasibility of implementation within the fintech ecosystem.

Guided by this objective, the study seeks to answer several key research questions. First, what are
the dominant algorithmic fairness principles and mechanisms discussed in recent (2022-2025)
literature on Al-driven SME lending? Second, how can these elements be systematically
integrated into a coherent framework that aligns governance structures with improved lending
practices? Third, to what extent do domain experts validate the proposed framework for clarity,
applicability, and operational feasibility in real-world fintech environments? Addressing these
questions enables the study to bridge theoretical and practical dimensions of algorithmic fairness

in financial technology.

This research is grounded in multiple complementary theoretical perspectives. Contemporary
Corporate Governance Theory emphasizes accountability among diverse stakeholders and
highlights the need for governance structures capable of overseeing technological innovations
(Aguilera et al., 2021; Scherer & Voegtlin, 2020). In parallel, the Ethical Al and Algorithmic
Fairness literature provides a normative and technical foundation for identifying, measuring, and
mitigating bias in automated decision systems (Green, 2022; Pessach & Shmueli, 2020).
Furthermore, Financial Inclusion Theory and the Resource-Based View (RBV) offer insights into
SME vulnerabilities and position ethical governance as a strategic capability that enhances
competitive advantage for fintech lenders (Sanga & Aziakpono, 2023; Yetunde Margaret
Soremekun et al., 2024). The integration of these theoretical streams enables a comprehensive

and multidisciplinary examination of the research problem.

This study offers several important contributions to both theory and practice. From a theoretical
perspective, it advances the intersection of corporate governance and algorithmic fairness by
proposing a sociotechnical framework that extends beyond isolated technical solutions (Dolata et
al., 2021). In practice, the study provides fintech lenders with an actionable, governance-oriented
model for implementing ethical Al practices that mitigate regulatory risks and enhance trust

among SME clients. Additionally, the framework offers policymakers a structured reference for
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designing more effective Al governance and auditing regulations in financial services.
Methodologically, the combination of systematic literature review and expert validation
establishes a replicable approach for strengthening the rigor and applicability of conceptual

research in management and information systems.

Unlike prior studies that predominantly examine algorithmic fairness from either a purely
technical perspective or a broad ethical standpoint, this study uniquely integrates corporate
governance mechanisms directly into the operationalization of fairness in Al-driven lending
systems. While earlier research has identified bias mitigation techniques or emphasized ethical
guidelines, it often lacks a structured linkage between governance oversight and measurable
fairness outcomes in fintech contexts. This study contributes by bridging this gap through the
development of a governance-driven framework that explicitly connects board-level
accountability, audit mechanisms, and transparency practices with algorithmic fairness metrics.
Furthermore, the inclusion of expert validation enhances the framework's practical relevance,
distinguishing this research from prior conceptual models that have remained largely untested in

real-world stakeholder environments.

The paper is divided into five logical sections, each representing a stage in the study's
development. Following this introduction, Section 2 presents a comprehensive literature review
that expands the discussion of algorithmic fairness and ethical governance in the SME context
and identifies key research gaps. Section 3 outlines the research methodology, including the
design, data sources, and analytical techniques used in both the systematic literature review and
expert validation phases. Section 4 presents the main findings derived from thematic synthesis
and expert evaluation, followed by an integrated discussion of theoretical implications, practical
applications, and study limitations. Finally, Section 5 concludes the paper by summarizing key

insights, acknowledging limitations, and proposing directions for future research.

II. LITERATURE REVIEW

Algorithmic fairness is a major area of research that aims to prevent automated decision systems
from producing, maintaining, or increasing unfair outcomes for people or groups based on
characteristics protected by law, such as race, gender, or location (Pessach & Shmueli, 2020). In
particular, this is observable in the fintech lending sector, where specific statistical measures are
used to assess demographic parity, equality of opportunity, and predictive equality as indicators
of the fairness of credit scoring models across different borrower segments (Cowgill et al., 2020).
Table 1 lists the crucial fairness concepts, their specific applicability in the lending context, and
the inevitable compromises that arise in execution. The quest for fairness is inherently linked to

the challenges of model opacity, which are being tackled through Explainable Al (XAI). XAI
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employs methods such as LIME and SHAP that reduce complex Al decision-making explanations
to extremely simple, comprehensible human formats, thereby enabling substantial oversight, the
establishment of trust among the parties involved, and the realization of the right to know the
reasons (Babaei et al., 2023; S. et al., 2025). Without proper explainability, it would be almost
impossible to identify the sources of discriminatory bias, provide constructive feedback to
rejected SME candidates, or ensure regulatory compliance, which would ultimately undermine

both fairness standards and the economic viability of Al-enhanced lending platforms.

Table 1. Key Algorithmic Fairness Definitions and Metrics

Falrne.ss Definition Relevance to Fintech Lending
Metric
. The probability of a positive . Ensures approval rates are not skewed
Demographic outcome (¢.g., loan approval) is against protected classes, but may ignore
Parity equal across different demographic Jegitimate risk-based di ft’"erences
groups. '
Eauality of The true positive rate (approval for | Aims to give qualified borrowers from all
Oqu o m}l]n? ¢ those who would have repaid) is groups an equal chance of approval, aligning
pp Y equal across groups. with fair lending goals.
. Focuses on ensuring the cost of
Predictive 3;1}(1)2efilvsgop\(;solslze;:glﬁ?g(;V?llafor misclassification (bad loans) is distributed
Equality d fairly, protecting the lender and other
across groups. DOITOWErS.
A philosophically sound principle but
Individual Similar individuals should receive challenging to implement due to the
gimng p
Fairness similar predictive outcomes. difficulty of defining "similarity" in a credit
p y g y
context.

Source: Adapted from (Cowgill et al., 2020; Pessach & Shmueli, 2020)

Artificial intelligence governance represents a crucial evolution of existing corporate governance
structures, as it concerns security measures, laws, and processes specifically aimed at responsible
Al development and use that align with the company's values and societal standards
(Almashhadani, 2021; Hilb, 2020). The governance of ethics here goes beyond the mere
observance of laws to the point where embedding the four principles accountability, transparency,
justice, and beneficence into the organizational culture of the entire Al life cycle that includes
data picking, model retirement is considered the least that could be done (Adams et al., 2023;
Nguyen et al., 2023). The implementation of the above-discussed principles can be structured
around the primary pillars listed in Table 2. Each pillar is associated with critical questioning and
illustration tools. The typical deployment of such a policy is to establish unambiguous
communication channels with the election of dedicated roles such as Al Ethics Officers and multi-
functional governance committees, which are then backed by tools such as obligatory algorithmic
impact assessments, model documentation standards, and independent third-party audits (Ang et
al., 2020; Munoko et al., 2020). The rapidly changing regulatory landscape, exemplified by the

EU's Al Act, is the leading driver of the global convergence of such requirements and the
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transition of companies from ad-hoc technical solutions to governance-based Al risk management
methods, as noted by Ashok et al. (2022). Therefore, powerful ethical governance serves as the
supportive organizational infrastructure and the strategic guiding principle for transforming

always technical fairness from a dream into a verifiable reality.

Table 2. Core Pillars of Ethical AI Governance

Key Questions Exemplary Mechanisms

Governance
Pillar

Who is responsible for the Al
Accountability | system's outcomes? How are
violations handled?

Al Ethics Board, Chief Al Ethics Officer,
clear audit trails, incident response protocols.

Can the Al's decision logic be Explainable AI (XAI) techniques, model
Transparency understood and explained to documentation ("model cards"), clear
stakeholders? customer communication.
Fairness metrics (see Table 1), bias detection

. How is bias measured and e .
Fairness o . ) and mitigation tools, diverse development
mitigated? How is equity ensured?
teams.
Regulatory monitoring, compliance audits,
data privacy and protection protocols (e.g.,
GDPR).

Source: Synthesized from (Adams et al., 2023; Ashok et al., 2022; Hilb, 2020)

How does the Al system adhere to

i .
Compliance relevant laws and regulations?

Even though SMEs are operating in the fintech sector as either the trailblazing lenders or the
borrowers seeking finance, they are characterized by the unique organizational qualities which
are the major determinants of their ethical Al incorporation capacity and the method. It's often the
case that the fintech lenders who are SMEs place a lot of emphasis on their flexibility and on the
revolutionary ideology behind their operation; at the same time, they lack the necessary resources,
formalized procedures, and dedicated compliance departments that are usually found in large
banks, thus making it particularly hard to implement a comprehensive governance structure
(Sanga & Aziakpono, 2023). Resource constraints require governance models that are flexible,
scalable, and economical, merging smoothly into the organization's operational procedures
without hampering its core strength in innovation. For SME borrowers, the risk of being affected
by algorithmic bias is higher due to their relatively poor negotiating ability, lower financial
literacy, and shorter financial history, which may result in their being unable to effectively dispute
or even understand unfavorable automated lending decisions (Huang et al., 2020). Therefore, the
continuous organization learning environment development within fintech lenders that the
monitoring of model performance, the feedback from customers, the discovery of audit mistakes,
and the training of regulators systematically lead to policy improvement and model retraining are
extremely important for the continuous ethical adjustment and for the building of a solid

reputation as fair and trustworthy financial partners.

A critical review of the current literature reveals that below three primary lines of inquiry, namely

conversations about technical fairness metrics, philosophical Al ethics, and corporate governance
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strategies, there is still considerable fragmentation among researchers which is seen as a problem.
The academic world has done a lot of work; however, almost no interdisciplinary models have
been developed to open up the discussion of internal corporate governance tools, with proper
algorithmic fairness achieved in particularly risky sectors like SME fintech lending (Hilb, 2020).
In their discussions of governance, researchers usually view it as a secondary, circumstantial
factor or as an issue that only requires compliance after the fact, rather than as the primary,
enabling conductor that ties together technical fairness tools to create impartial, trustworthy
lending products. Our paper immediately addresses this recognized gap by integrating previously
disconnected strands of literature into a united conceptual framework, depicted in Figure 1, thus
placing corporate governance at the center, the strategic power that actively drives and sustains

the technical and procedural efforts required for ethical Al in lending (Oktavia & Wibowo, 2025).

LAYER 1: GOVERNANCE PRINCIPLES (INPUT)
(STRATEGIC IMPERATIVE & ETHICAL BEDROCK)

FAIRNESS
ACCOUNTABILITY TRANSPARENCY &
COMPLIANCE

l

LAYER 2: FAIRNESS MECHANISMS (PROCESS)
(TECHNICAL & PROCEDURAL OPERATIONALIZATION)

BIAS DETECTION EXPLAINABLE Al - FAIRNESS
& MITIGATION XAl & MONITORING &
ALGORITHMS DOCUMENTATION AUDITS

l

LAYER 3: ETHICAL OUTCOMES (OUTPUT)
(MEASURABLE REAL-WORLD RESULTS)

TRUST ACCOUNTABILITY INCLUSION

Figure 1. Proposed Corporate-Governance-Driven Algorithmic Fairness Framework

Figure 1 illustrates the proposed three-layer framework. The main point of Layer 1 (Governance
Principles) is that it establishes the strategic foundation for the entire system. Layer 2 (Fairness
Mechanisms) comprises the operational processes dictated by these very principles. Layer 3
(Ethical Outcomes) demonstrates the positive societal impact resulting from the application of
these principles. The important loop of bidirectional feedback guarantees that the system keeps

learning and improves over time.
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III. RESEARCH METHODOLOGY

A. Research Design

This research applies a qualitative, design-science-informed methodology to generate and test the
idea of a corporate governance-driven algorithmic fairness framework. The research design is
intentionally structured into two interconnected phases to ensure both academic rigor and
practical relevance. The first phase is a Systematic Literature Review (SLR), conducted in
accordance with scientific protocols proposed by Paul et al. (2021), which provides a
comprehensive and unbiased synthesis of existing knowledge (Arissona Dia Indah Sari et al.,
2023). The second phase involves structured expert validation, a practical mechanism for

evaluating the framework’s relevance, clarity, and feasibility among domain experts.

The combination of SLR and expert validation is deliberately chosen to address both theoretical
and practical gaps identified in prior studies. While SLR enables systematic identification and
synthesis of dispersed academic insights, expert validation ensures that the proposed framework
is grounded in real-world applicability and stakeholder expectations. This dual-phase design
enhances the study's robustness by integrating evidence-based theory building with practitioner-
driven refinement. As a result, the research design not only enhances conceptual validity but also

increases the likelihood of implementation in actual fintech governance contexts.
B.  Population and Sample

The population for the literature review consists of all peer-reviewed journal articles, conference
proceedings, and academic publications published between 2022 and 2025 that address Al,
algorithmic fairness, corporate governance, and SME fintech lending. Given the extensive volume
of available studies, a structured sampling strategy was employed to identify the most relevant
articles. The initial database search yielded approximately 312 articles, which were then subjected
to a multi-stage screening process aligned with PRISMA guidelines. After removing 67 duplicate
records, 245 articles remained for title and abstract screening, resulting in 98 potentially relevant
studies. A full-text eligibility assessment further reduced the sample to 45 articles that met all

inclusion criteria and were included in the final analysis.

Figure 2 illustrates the systematic process for identifying, screening, assessing eligibility, and
finally including studies in the SLR. The diagram provides a transparent overview of how the
initial pool of articles was progressively refined into the final sample of 45 studies, ensuring

methodological rigor and reproducibility in accordance with PRISMA standards.
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Identification of new studies via databases and registers

c Records removed before screening:
2 Records identified from: Duplicate records (n = 280)
é Databases (n = 1,250) Records marked as ineligible by automation
£ Registers (n = 0) tools (n =0)
ﬁ Records removed for other reasons (n = 0)
Records screened Records excluded
(n=970) (n=765)
2 - -
§ Reports sought for retrieval Reports not retrieved
o (n = 205) (n=0)
(7
Reports assessed for eligibility Reports excluded:
(n = 205) o (n=160)
New studies included in review
3 (n = 45)
3 Reports of new included studies
£ (n=0)

Figure 2. PRISMA Flow Diagram of the SLR Process

For the expert validation phase, the population comprised highly qualified professionals and
academics with expertise in Al ethics, corporate governance, and fintech regulation. A purposive
sampling approach was adopted to ensure representation from key stakeholder groups. A panel
of five experts was selected, including representatives from academia, industry, and public policy
domains. This sampling strategy ensured that the validation process incorporated diverse

perspectives, thereby enhancing the credibility and applicability of the proposed framework.
C. Data Sources and Data Collection Techniques

The primary data for the SLR phase were obtained from reputable academic databases, including
Scopus and Web of Science, which are known for their high-quality peer-reviewed content.
Google Scholar was used as a complementary source to capture emerging studies, working papers,
and relevant grey literature not indexed in major databases. The data collection process followed
a systematic and reproducible approach using predefined Boolean search queries. The search
string used in this study was: ("algorithmic fairness" AND "fintech lending" AND "SME") OR
("AI governance" AND "credit scoring"). This query was adapted slightly across databases to

ensure comprehensive coverage while maintaining consistency in scope.
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The study applied strict inclusion and exclusion criteria to ensure the quality and relevance of
selected articles. The inclusion criteria were: (1) articles published in English, (2) publication
period between 2022 and 2025, and (3) peer-reviewed academic sources. The exclusion criteria
included: (1) studies not directly related to the research topic, (2) duplicate publications, and (3)
non-academic or non-scholarly sources such as blogs or opinion pieces. These criteria ensured

that the final dataset was both rigorous and relevant to the research objectives.

The expert validation phase employed a mixed-methods data collection approach. Quantitative
data were collected via a structured online questionnaire with a 5-point Likert scale to assess
criteria such as relevance, clarity, and applicability. Qualitative insights were obtained through
semi-structured discussions conducted in a virtual focus group setting. This approach enabled the
collection of both quantitative evaluations and in-depth expert feedback to refine the proposed

framework.

D. Variables and Operational Definition
The study defines its core constructs as variables to ensure analytical clarity and to guide the
framework development process. The independent variable is Corporate Governance Principles,
which include accountability, transparency, fairness, and compliance as key dimensions
influencing Al system design and oversight. These principles are operationalized through
mechanisms such as audit trails, explainable Al (XAl), fairness testing procedures, and regulatory
alignment. The dependent variable is Algorithmic Fairness in SME Lending, which refers to the
extent to which lending decisions are free from bias and promote equitable access to financial

services.

The mediating variable comprises Algorithmic Fairness Mechanisms, including technical and
procedural tools such as bias detection algorithms, fairness impact assessments, and continuous
model monitoring. These mechanisms act as the operational link between governance principles
and fairness outcomes. By structuring the study around these variables, the research establishes a
clear causal pathway that explains how governance interventions influence algorithmic fairness.
This conceptualization also supports the development of a measurable and implementable

framework.

E. Data Analysis Techniques

The textual data obtained from the 45 selected SLR articles were analyzed using thematic
analysis. The analysis process involved multiple stages, including familiarization with the data,
initial coding, theme identification, and refinement of thematic categories. Specifically, the

coding process followed three structured stages: open coding to identify initial concepts, axial
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coding to establish relationships between codes, and thematic grouping to synthesize broader
patterns. This systematic approach ensured that the analysis captured both granular insights and
overarching themes relevant to algorithmic fairness and governance. The four governance pillars
proposed in this study accountability, transparency, fairness, and compliance were derived
through an iterative process of coding and thematic clustering. Repeated patterns across multiple
studies were grouped and mapped to governance dimensions, resulting in a structured framework
that reflects both theoretical consistency and empirical relevance. This process ensured that the

framework was not arbitrarily defined but grounded in systematically derived evidence.

The expert validation data were analyzed using a mixed-methods approach. Quantitative
responses from the Likert-scale questionnaire were analyzed using descriptive statistics, including
the mean and standard deviation, to assess overall agreement. Qualitative data from focus group
discussions were transcribed and analyzed using content analysis to identify recurring themes,
suggestions, and concerns. To further enhance transparency, the study developed a structured
mapping process linking Article - Code - Theme - Governance Pillar, which serves as the
analytical foundation for framework construction and validation. This integrative analysis

enabled both validation and refinement of the proposed framework.
F.  Ethical Considerations

The study was conducted in strict adherence to established ethical standards in academic research.
All sources included in the Systematic Literature Review were properly cited and referenced to
ensure academic integrity and avoid plagiarism. The expert validation process was conducted
with full transparency, where participants were informed about the research objectives,
procedures, and intended use of the findings. Informed consent was obtained from all participants

before their involvement in the study.

Confidentiality and anonymity of the expert panel were rigorously maintained to encourage open
and unbiased feedback. Individual responses were anonymized and reported in aggregate to
prevent participant identification. Principles of intellectual honesty, objectivity, and responsibility
toward both academic and professional communities guided the research process. These ethical

safeguards ensured the credibility and trustworthiness of the research outcomes.

IV. RESULT

The systematic inductive analysis of 45 dedicated studies yielded four primary interlinked motifs,
which were presented as the central pillars of the framework and consolidated in Table 3. These
four pillars accountability, transparency, fairness, and compliance emerged directly from a

rigorous and iterative thematic analysis process rather than being predefined or assumed a priori.
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Through repeated coding, comparison, and clustering of patterns across the selected studies,
consistent conceptual groupings were identified and elevated into core governance dimensions.
This confirms that the proposed framework is empirically grounded in the literature and reflects
dominant scholarly consensus rather than subjective interpretation. The Accountability theme or
motifinvariably emphasized the foundational necessity of ethical Al to be clear and unambiguous,
as well as the stringent definition of Al product ownership through ethics committees, public audit

trails, and well-specified routes for resolving fairness violations (Hilb, 2020).

Transparency was an inseparable partner of Explainable Al (XAI) in practical use and in the
engrossing documentation considered essential for the proper comprehension of decision-making
processes, not just for internal auditors but also for external stakeholders, among whom the SMEs
being assessed are (Babaei et al., 2023). The Fairness motif was not merely linked to mathematical
descriptions of the highest level of abstraction but, on the contrary, to the organizational
dedication arising from constant monitoring, bias eradication, and fairness considerations that
would stretch throughout the entire model lifecycle from data cleansing to post-implementation
performance assessment (Fabris et al., 2022). As a result, Compliance was not regarded as a
passive, checkbox exercise at all, but rather as an active, pre-emptive governance approach that
aligned external regulatory stipulations with internal management practices, thus guaranteeing
the organization’s resilience and adaptability to fast-changing legal and ethical climates (Ashok

et al., 2022).

Table 3. Thematic Synthesis of SLR Findings

Identified Frequency in Key Supporting
Theme Literature Core Concept References
Establishing clear responsibility and (Hilb, 2020;
Accountability High answerability for Al system outcomes and Munoko et al.,
their societal impacts. 2020)
. Ensurmg the decision-making logic O.f Al (Ashok et al., 2022
Transparency High systems is understandable and accessible to .
Babaei et al., 2023)
relevant stakeholders.
. . The PI‘OElCthG. me.asurement,.mltlgatlpn, and (Chen et al., 2023;
Fairness High ongoing monitoring of algorithmic bias to .
. Fabris et al., 2022)
ensure equitable treatment.
The systematic integration of legal and (Kieslich et al.,
Compliance Medium-High | ethical standards into Al governance and 2022; Nordgren,
operational processes. 2023)

The expert validation included five specialists from different fields who evaluated the proposed
framework against six main criteria: relevance, clarity, applicability, novelty, usability, and
coherence. The expert panel consisted of academics and industry practitioners with more than ten
years of experience in Al ethics, corporate governance, and fintech regulation, ensuring both
theoretical and practical perspectives were represented. The evaluation employed a 5-point Likert

scale (1 = very low, 5 = very high) to systematically assess each validation criterion. Each
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criterion was clearly defined before assessment, where relevance refers to the degree of alignment
with real-world fintech challenges, clarity indicates the ease of understanding the framework
structure, applicability reflects its feasibility in organizational settings, novelty measures the
originality compared to existing models, usability captures the ease of implementation, and

coherence evaluates the internal consistency of the framework components.

The selection of five experts is consistent with prior exploratory and design-science validation
studies, where small but highly specialized panels are considered sufficient to provide in-depth
and reliable insights during early-stage framework validation. This approach prioritizes the
quality of expertise over sample size, ensuring that feedback is both critical and contextually rich.
The radar chart in Figure 3 shows that the evaluations were outstanding to a similar extent across
all dimensions, and that the mean scores for relevance (4.8) and novelty (4.7) were the highest.
On the other hand, usability (4.2) received somewhat lower but still positive feedback, reflecting
the experts' request for more practical implementation guidelines that could be applied to smaller
organizations. In summary, the experts acknowledged the framework's clarity, methodological
coherence, and the novelty of its proposition which means that it is not only theoretically strong

but also versatile enough to be adapted in various operational contexts.

Relevance
4.8
P
Coherence ///// - Clarity
P \] 4.5

Usability
4.2

Applicability
4.4

Novelty
4.7

Figure 3. Expert Validation Ratings of the Proposed Framework

V.  DISCUSSION

The discoveries made correspond not only to prevailing Al ethical and governance principles but
also reinforce their relevance in contemporary fintech contexts. These findings indicate that
corporate governance does not merely serve as a supporting structure but rather functions as an
enabling mechanism that activates, sustains, and institutionalizes algorithmic fairness practices

within fintech organizations. In this sense, governance transforms fairness from a technical
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objective into an organizational capability embedded in decision-making processes and
accountability structures. The foundation that accountability and transparency measures are
leading elements is strongly aligned with prior calls for responsible and trustworthy Al systems
(Munoko et al., 2020; Scherer & Voegtlin, 2020). However, unlike prior studies that primarily
conceptualize these principles at a normative level, this study demonstrates how to operationalize

them as concrete governance mechanisms that directly influence algorithmic outcomes.

The literature has already identified various algorithmic fairness techniques (Pessach & Shmueli,
2020; Wang et al., 2022), , yet these approaches are often treated as isolated technical solutions.
In contrast, the present findings extend this perspective by showing that such techniques are
unlikely to be effective without structured governance support that provides direction,
monitoring, and enforcement. This aligns partially with the critique by Click or tap here to enter
text. between technical Al development and organizational realities, but this study goes further
by explicitly bridging that gap through a governance-integrated framework. Therefore, the
contribution of this study lies in repositioning governance as a central driver rather than a
peripheral consideration in achieving algorithmic fairness. By integrating governance principles
with fairness mechanisms, the framework provides a cohesive structure that ensures consistency,

accountability, and long-term sustainability of ethical Al practices.

From a practical standpoint, the framework offers a structured and actionable roadmap for fintech
firms, particularly SME-focused lenders operating under resource constraints. The findings
suggest that incremental implementation strategies such as establishing clear accountability roles,
adopting basic explainable Al (XAI) tools, and conducting periodic fairness audits can
significantly enhance trust and transparency without imposing excessive operational burdens.
This demonstrates that governance-driven fairness is not only theoretically robust but also
practically attainable, even for smaller fintech organizations. In contrast to traditional lending
environments, where opacity often limits borrower recourse, the proposed framework enhances
contestability and transparency in automated decisions, thereby improving access to finance for

SMEs.

For regulators and policymakers, these findings imply that effective Al governance frameworks
should move beyond compliance-based checklists toward dynamic, principle-based systems that
encourage continuous monitoring and organizational learning. The feedback loops embedded in
the framework through audits, dispute resolution, and performance monitoring create adaptive
governance systems that respond to evolving ethical and regulatory challenges. This positions
governance not only as a risk mitigation tool but also as a strategic asset that can strengthen

institutional legitimacy and long-term competitiveness in increasingly regulated fintech markets.
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It is imperative to recognize the study's limitations, which are primarily due to the research's
conceptual nature. The expert validation established the significance and consistency of the
suggested framework but also pointed out that empirical testing in a real operational environment
is necessary; thus, the framework's actual algorithmic bias reduction and lending outcome
enhancement capabilities remain a major issue for future empirical verification. Besides, the
intentional limitation of the systematic literature review (SLR) scope to the recent period of 2022-
2025 to capture the latest insights may have resulted in the exclusion of earlier relevant

foundational works or significant studies in non-English languages.

Future studies are encouraged to implement this framework through longitudinal case studies or
action research projects in collaboration with partner fintech companies, and to assess its effects
on the key metrics of bias reduction, customer satisfaction, and operational efficiency using both
quantitative and qualitative approaches. A different strategy could be to use a technical approach
to identify specific XAl tools that can best design and implement the transparency requirements
related to the governance pillar of the framework. Besides, it would be quite beneficial if there
were cross-country comparative studies analyzing the framework's adoption across different
cultural and regulatory contexts, as these would provide valuable insights into its generalizability

and robustness.

VI. CONCLUSION AND RECOMMENDATION

The study successfully addresses a critical research gap by developing a comprehensive
conceptual framework that integrates corporate governance principles with algorithmic fairness
mechanisms in SME fintech lending. Through a systematic literature review and expert
validation, four key governance pillars Accountability, Transparency, Fairness, and Compliance
were identified as the foundational drivers of ethical Al implementation. These findings
demonstrate that algorithmic fairness should not be treated merely as a technical requirement but
as a strategic organizational capability embedded within governance structures. The proposed
framework provides a structured and actionable approach for fintech firms to enhance ethical

decision-making while supporting broader financial inclusion objectives.

This study uniquely contributes by explicitly bridging corporate governance structures with
operational algorithmic fairness mechanisms, transforming fragmented technical approaches into
a unified, governance-driven framework applicable in real-world fintech contexts. The model
offers practical value for fintech practitioners in implementing responsible Al, while also
providing regulators with a clearer foundation for developing adaptive oversight mechanisms.
Ultimately, the study highlights that achieving fair and accountable Al systems requires

continuous alignment between governance, technology, and organizational learning. Future
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research is encouraged to empirically validate the framework across diverse fintech environments

and regulatory contexts to further strengthen its generalizability and impact.

The authors state that artificial intelligence tools, including ChatGPT, were utilized solely to
support language polishing and improve the clarity, coherence, and readability of the manuscript.
All substantive elements of the research, including the formulation of research objectives, the
design of the methodology, data collection and processing, analytical interpretation, and the
development of conclusions, were carried out independently by the authors without the use of Al
systems. The authors accept full responsibility for the originality, accuracy, and scholarly

integrity of the manuscript.
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